Leveraging Inter-Layer Dependency
for Post-Training Quantization
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Model Quantization
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Previous Post-Training Quantization Approaches

':::::::: Eééé layer-diagonal
o
Wq = Cllp(l_;], q-, C[+) """ block-diagonal
{_A_\ e EEEE Full matrix
ceil?  floor?
2
: W . RO) . ) oL oL
argémn ”Wx - WXHF + Afreg (V) II‘lﬁlrn]E [Az(f),TH( )Az(ﬂ)] = m‘xl,nIE [Az(e),leag <(az—_¥7)2’ e, (azg@ )2) Az(f)]
[AdaRound by Nagel et al. ICML 2020] [BRECQ by Li et al. ICLR 2021]



Network-Wise Quantization
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Challenges of Naive NWQ
e Higher risk of overfitting
* More difficult of discrete optimization



Our Approaches
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Overview
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Comparing with previous works
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