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Conditional Generative Occupancy Fields
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Conditional Generative Occupancy Fields
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Consistent Identitg

Qualitative Results

Consistent Expression Control



Qualitative Results

Out-of-distribution Expression Control Results



Qualitative Results
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Head Pose Control Results
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(b) Corresponding Normal Maps for (a)

(a) Varying Expressions
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Extend to EG3D[
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(d) Varying Identities

(c) Varying Poses
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Input Inversion Varying Expression
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