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Prior work
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- financial loss may not be bounded!

e Cummings, Pennock, Wortman Vaughan 2016 (EC) f'\

- Impossibility: all private market makers g%%gg —~
have unbounded financial loss!
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This paper

Main result: a market construction with:

differential privacy

incentives to participate
accuracy/fidelity of predictions ‘ ,' ’ \

Bounded worst-case financial loss
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